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LifeSnaps Dataset 
;

When and how much have our participants walked?
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Physical inactivity has been 

identified as the fourth leading 

risk factor for global mortality[1]. 



LifeSnaps Dataset – Data Availability and User Engagement
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• Outstanding user engagement 

and study’s duration compared 

to other studies[2], [3].

• The mean user engagement 

rises to 41.37 days, 

corresponding to 73% of the 

total experimental days.
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LifeSnaps Dataset – User Engagement



Research Interests

Stockholm, 2022

• Detecting behavior changes

Different User → Different Behavior (between-person variability)[4] 

Individuals show changes in their own patterns over time (within-

person variability)[4].

• Mental health area 

Wearable devices and mobile phone sensors can be used 

complementarily to self-reports, collecting data unobtrusively in-the-

wild[5], [6], [7].

• Identifying patterns[8], developing prediction models[9].
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• Outstanding user engagement 

and study’s duration compared 

to other studies[2], [3].

• The mean user engagement 

rises to 41.37 days, 

corresponding to 73% of the 

total experimental days.


